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1998 1 0.0246 2001 . 1334 . 5018
1998 2 —0.0421 . 0175 2001 . 0363 . 4655
1998 3 0.0221 . 0047 2001 . 0522 L4133
1998 4 0.0909 . 0956 2001 . 0251 . 3882
1998 5 0.0548 . 1503 2001 . 0392 L4274
1998 6 —0.0607 . 0896 2001 . 0633 . 3641
1998 7 —0.0131 . 0765 2002 . 1088 . 2553
1998 8 —0.1211 . 0446 2002 2 . 0096 . 2649
1998 9 0.0734 . 0289 2002 3 . 0656 . 3305
1998 10 —0.0098 L0191 2002 4 . 0404 . 3709
1998 11 0.0231 . 0423 2002 5 . 0879 . 283
1998 12 —0.0846 . 0423 2002 6 . 1365 L4195
1999 1 —0.0046 . 0469 2002 7 . 0415 . 378
1999 2 —0.0436 . 0905 2002 8 . 0059 . 3839
1999 3 0.0557 . 0349 2002 9 . 0564 . 3276
1999 4 —0.0365 L0713 2002 . 0415 . 2861
1999 5 0.117 . 0457 2002 . 0624 . 2237
1999 6 0.3681 . 4138 2002 . 0535 . 1702
1999 7 —0.0644 . 3494 2003 . 0965 . 2667
1999 8 0.011 . 3604 2003 2 . 0226 . 2893
1999 9 —0.0257 . 3347 2003 3 L0131 . 2762
1999 10 —0.0482 . 2865 2003 4 . 0105 . 2657
1999 11 —0.0447 . 2418 2003 5 . 0433 . 3089
1999 12 —0.0491 . 1927 2003 6 . 0692 . 2398
2000 1 0.1615 . 3542 2003 7 L0128 . 227
2000 2 0.0293 . 3835 2003 8 . 0313 . 1957
2000 3 0.0551 . 4385 2003 9 . 0439 . 1518
2000 4 0.0145 . 4531 2003 . 0388 . 113
2000 5 0.0286 L4817 2003 L0211 L1341
2000 6 0.0239 . 5056 2003 L0275 L1615
2000 7 0.0426 . 5482 2004 L0275 . 189
2000 8 —0.0048 . 5434 2004 2 L0724 . 2614
2000 9 —0.046 L4974 2004 3 . 0327 . 294
2000 10 0.0202 . 5176 2004 4 . 1014 . 1926
2000 11 0.054 L5717 2004 5 . 0019 . 1945
2000 12 —0.0022 . 5695 2004 6 L1161 . 0783
2001 1 —0.0103 . 5592 2004 7 . 0038 . 0745
2001 2 —0.0331 . 5261 2004 8 . 0451 . 0294
2001 3 0.0762 . 6023 2004 . 0532 . 0826
2001 4 —0.0055 . 5968 2004 . 0547 . 0279
2001 5 0.0362 . 6329 2004 . 0228 . 0507
2001 6 0.0023 . 6352 2004 . 0686 L0179
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CCAPM
Learning-CCAPM ,
s v, ( Ccay, Ay)D
3. ARCH
R,—R, =B8Ry, —R,) +e,. (35)
e, = Jh,s h, =a, + 2 PR (36)
m=1
) 25 € ARCH
. ARCH (1) 6, LM ARCH )
a =a,="=q,=0, 6 s 25 ,
10% ( ARCH (1) ) 3
o A
) 3 25 ) ,
) A CAPM ARCH .
6 ARCH(1) (LM )
mlbl m2bl m3bl m4bl m5bl mlb2 m2b2 m3b2 m4b2 m5b2 mlb3 m2b3 m3b3
LM 0.02 0.07 0.01 0.02 0.19 0.07 0.00 0.22 0.02 3.25 3.16 0.43 1.40
P 0.87 0.79 0.91 0.88 0.66 0.79 1.00 0.64 0.89 0.07* 0.08* 0.51 0.24
m4b3 m5b3 mlb4 m2b4 m3b4 midb4 m5b4 mlb5 m2b5 m3b5 m4b5 m5b5
LM 1.07 1.35 3.40 1.37 0.11 0.00 0.72 1.59 0.59 0.44 0.01 0.16
Y 0.30 0.25 0.07* 0.24 0.74 0.98 0.39 0.21 0.44 0.51 0.94 0.69
10%
4,
R, —R, = B,(Ry —R,) +p,Ry +e,. (37
, : Ry, ( A
) . ,
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0. 920902, x (1 0.05 3.84, ;
Ry, 0
Fama-French , SUR
) 7,
7 . O 25 B & 1%
i @ B s B ; @25
s 0.6 s 0.7
16
1. CAPM ,
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Which Pricing Model Captures the Time

Variation of China’s A-share
Prices More Sufficiently
—Unconditional Taylor Pricing Model and
Its Empirical Performance With A Shares

QINGSHI WANG  YizHONG PENG

(Dongbei University of Finance and Economics)

Abstract We derive a pricing model, the unconditional Taylor pricing model (NTPM)
by taking a Taylor expansion on an unconditional discount factor (SDF) and omitting the
high-order terms. Then we make comparison between NTPM and the Fama-French three-fac-
tor model, Learning-CCAPM model, ARCH related models (we find no powerful evidence

for the existence of ARCH(1) disturbances in our sample) respectively based on the same da-
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ta sets from China's A-share market. Eventually we find that NTPM outperforms its counter-
parts reasonably. NTPM’'s need for data can easily be met. This is especially important for

studies on China.
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